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Research progress of near infrared spectroscopy in condiments detection
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(1. College of Food Science and Technology, Shanghai Ocean University, Shanghai 201306, China; 2. Shanghai Totole
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Abstract: The traditional detection methods for condiments have the disadvantages of time-consuming, high cost and destructive detection,
while the near infrared spectroscopy (NIRS) is a fast, accurate, nondestructive and convenient method, which has been used in condiment
industry. With the development of chemometrics, electronic information technology and instrumentation hardware, the near infrared
spectroscopy is increasingly improved. This review expounds the classification and common detection methods of condiments, and
summarizes the principle, characteristics and rapid detection model of NIRS. The principle, characteristics and rapid detection model of
NIRS are outlined. The research progress of near infrared spectroscopy in condiment in recent years is reviewed, including ingredient
detection, adulteration identification, brand traceability and quality detection. In addition, the development trend of NIRS application in the
condiments industry is outlooked, with a view to providing new ideas for the efficient development of non-destructive testing technology for
condiments quality.
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Figure 1 Flowchart of NIRS analysis
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Figure 2 Application of NIRS in the detection of condiments
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Table 1 Application of NIRS in identification of spices and seasonings adulteration
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R ik PR ST ) 224 1400~1550,1900~2 050 nm PLSR R*=0.97 [63]
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AR B EE K2 60 940~1 640 nm PNN EAf A E 0 100%  [65]
SN B R R 48 400~1 000 nm PLS-DA (iR N 98.4% [66]
TERURNMB 1B TR TEH) 180 1 000~2 500 nm PLSR R>=0.98 [67]
I TABURS 15 1 K A 4 22 1 Ry 250 1 300~2 600 nm PLS R*=0.996 [68]
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