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An edge detection for sunflower seeds based on improved Canny algorithm
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Abstract;: Aiming at the edge-detection for a class of objects of irreg-
ular shape, such as sunflower seeds, but the traditional Canny algo-
rithm has many shortcomings. This paper proposed three improve-
ments: (D The adaptive high threshold method based on the gradient
statistic difference was to overcome the problem that the traditional
Canny algorithm might lose part valid edge information when the
gray of goals and background in the image had a relatively wide
change, which had higher signal-to-noise ratio; @ It proposed an al-
gorithm of extending at the endpoints based on the gradient direction
was made up for the defect of getting many interrupted edges after
the edge link analysis of traditional Canny algorithm; @ It proposed
regional bounding algorithm based on the longest edge to remove the
short edge of background for achieving the precise positioning of
goals’ edges. The results demonstrated that improved Canny algo-
rithm achieved good results in edge-detection of sunflower seeds in
high complex background.
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Figure 3 Gradient extending schematic

T R I AT AT R AR 5k S A Gk b A
T I matlab 7. 0 #E47 T80 AR ILIE 4, i & 4
TR o A R R G B R T MRS AR R 4 Ak AT LA
RUELZWAMDLEL.

(b) fE5ECanny5i3k (c) Zliﬁﬁ?i(lanyﬁ%
B 4 Lena B¢ %4 m 2 R b

Figure 4 Comparison of the results of Lena’s edge detection
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Figure 5 Original images
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Figure 6 Effect diagrams of the traditional Canny operator
edge-detection
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Effect diagrams of the improved Canny operator
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