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Abstract: A deep learning-based model for the classification and
prediction of Baijiu wine brands is developed. combining with the
Tensorflow and Keras frameworks. The test sample data set is
established by collecting the feature information of Baijiu wine to
be tested through an electronic tongue (an array sensor), combi-
ning the known Baijiu wine categories with that of the unknow
one (to be test). Then the deep learning-based Baijiu wine brand
classification prediction model was trained and tested for, prepar-
ing for the performance by using the trainedand tested sets. The
results showed that the prediction model achieves 99.987% of
Baijiu wine brand recognition rate, showing a high accuracy.
Keywords: deep learning; classification prediction; electronic

tongue; practicality; high efficiency
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Flow chart of deep learning classification

Figure 1

application
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Table 1 Some sample wines of different brands
to be tested
FRiR 28 51 it JL 7 WERERE/ % Vol i /iR

1 VIR FE ST 46 4

2 AL i E[ACEE] 52 4

3 AREZH% bR 56 4

4 N D N 52 4

5 TR (LDl NEE 52 4

6 w1 DU S ik 52 4

7 LEEAHT  EK 50 4

8 P R (] 52 4

xk2 WoEME
Table 2 Some sample values
s Sl 2 3 St S5 6

1 1.396 8 —2.030 0 —1.060 0 5.450 0  1.057 8 —1.250 0
1 1.417 8 —2.040 0 —1.070 0 5.380 0 1.062 8 —1.290 0
1 1.408 0 —2.050 0 —1.080 0 5.270 0  1.064 7 —1.300 0
2 1.2900 —1.870 0 —9.990 0 5.030 0 9.856 1 —1.290 0
2 1.8756 —2.090 0 —1.460 0 6.430 0 1.4291 —6.1100
2 1.880 0 —2.020 0 —1.490 0 6.200 0 1.4310 —6.7700
3 1.850 2 —2.000 0 —1.480 0 6.090 0 1.426 6 —6.850 0
3 1.800 2 —1.700 0 —1.430 0 5.780 0 1.3881 —3.350 0
3 1.0490 —1.8200 —7.280 0 4.6100 7.570 7 —3.540 0
4 1.0550 —1.600 0 —7.800 0 4.290 0 7.842 2 —3.390 0
4 1.069 2 —1.650 0 —7.950 0 4.250 0 7.953 6 —3.540 0
4 1.524 8 —1.330 0 —6.010 0 2.120 0  3.099 8 —7.950 0
5 1.253 7 —3.1250 —2.371 0 3.5420 0.623 1 —2.3450
5 1.358 4 —3.584 0 —2.887 0 3.9657 0.984 1 —2.456 0
5 1.4125 —3.7286 —2.786 7 3.796 3  0.886 5 —2.678 0
6 21321 —2.4934 —1.8910 7.4350 1.100 2 —5.632 1
6 2.034 7 —2.400 0 —1.803 0 7.987 0 1.1034 —5.3547
6 1.9834 —2.2170 —1.834 0 7.0352 1.0039 —5.0381
7 0.741 6 —3.2340 —2.3620 58620 6.7341 —5.1931
7 0.740 1 —3.321 3 —2.300 1 5.698 7 6.637 4 —10.416 7
7 0.693 4 —3.104 5 —2.134 0 5.5634 6.874 7 —5.1847
8 1.7921 —2.389 4 —3.216 3 3.793 2 24713 —9.8347
8 1.754 3 —2.376 1 —3.2004 3.8051 2.2084 —9.620 4
8 1.702 1 —2.2054 —3.1789 3.6821 2.1089 —9.074 8
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Figure 2 Distribution of samples on various attributes
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and test set
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Table 3 Comparison of recognition rate of

different methods

DRV B SRR/ Y%
SVM LM 78.260
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