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Vegetable image recognition based on improved neural network algorithm

¥ o
LU Fan

(R B B AR 2Bt T g B 476000)
(Shangqiu Polytechnic, Shangqiu, Henan 476000, China)

MELFRETARWBERE L%, 22T 2o LB K
A2 R, AR E T O ok R AR ACE A, 3 KAT
WA AR K 5k KIS B A s i, A A4 R
Eb o RAEE A B E T E R AR E
AEARBRTREBARG IR LR TR EAE. &
JoaR I R R I T ik AT 3R R B AR 69 R A AR P 3 4R A
F A 97.56% , s RAFJE T H IR A K A 95.60% , I & 4 fE
R A E A 93.25% , D 4 at A F 3 4 5.83 s, iR A B ]
T 218 s TRk,

XBHR:AZME ZalR: T RXEAR

Abstract: In order to improve the effect of vegetable image recog-
nition, a neural network algorithm was proposed. Firstly, radial
basis function neural network model was established, including
gradient descent method for solving the weight parameters. K-
means clustering method increasing the radius of neighborhood
was calculated implicit function center value, and the nuclear
width was used adjacent cluster centers. Secondly, quantum ge-
netic algorithm was deleted the redundant weights and neuron.
Thirdly, vegetable image feature extraction was extracted. Final-
ly, the process was given. The simulation results showed that the
average recognition rate of shape feature was 97.56% , and the
texture feature was 95.60%. Moreover, the color feature was
found 93.25% , after trained for 5.83 s, and the average recogni-
tion time was 2.18 s. The algorithms we reported here was found
better than other kinds.
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