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A SLIC-basedsuperpixel segmentation method by using local

texture features for granular image
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Abstract: This paper adopts SLIC-based superpixel segmentation
method in the granular image detection. SLIC method segments the
granular image into superpixel block which will reduce the
complexity of the subsequent image processing. As SLIC superpixel
segmentation method doesn’t use the texture feature in the distance
calculation, the detail of the outline for the granular object is lost.
This paper adopts the CRLBP local texture operator as the texture
feature to improve the SLIC segmentation’s distance calculation and
searches the similar pixel in circle neighborhood pixels to guarantee
the processing speed. The test on cotton seed image shows that the
improved SLIC superpixel segmentation method is more efficient
than watershed and original SLIC method.
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SLIC image segmentation result

Figure 1
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Figure 2 Cotton seeds images
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Figure 4 Detail comparison of segmentation result
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Segmentation test result
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Table 3 Variance analysis of response surface model
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Table 4 Changes on IgG contents and activity between enze-

my treatment and no enzemy treatment mg/mL
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