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Abstract; In recent years, predictive microbiology and risk assess-
ment software have obtained certain development. Predictive micro-
biology develops the models that describe and predict the growth or
decline of microbes under specified environmental conditions. In this
paper, an overall description and comparison of the 16 software tools
are presented based on some different criteria ,such as the modeling
approach, functional modules, the environmental factors (tempera-
ture, pH, aw), the different type of media and the different type of
the provided microorganisms. For the fields of current food research
and microbiological research, the study provide new idea and refer-
ence value for food predictive research field, which meets the need of
different users for different microbial research.
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Table 2 Modules provided by each software tool
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# 3 HUH CombBase #1 SymPrevius Z=Hr 4% B it 16 1 18

Table 3 Experimental data of Listeria from ComBase and SymPrevius

Bl i W/ C BROREE  AEMLBRWKEE/ %0 FLRRWEE/ Y KIE M (aw) ook I8 £ I
3 0~12 7.0 0 0 0. 996 SymPrevius Milk
24 4~40 6.0~7.0 0 0 0. 996 SymPrevius Milk
13 4~35 7.0 0 0 0. 996 SymPrevius Milk
14 4~35 7.0 0 0 0.996 SymPrevius Milk
18 4~35 5.4~7.0 0 0 0.996 SymPrevius Milk
12 4~10 6.1 0 0 0.957~0.996 SymPrevius other
15 4 6.8 0 0 0.980 ComBase Beef
13 6 6.8 0 0 0. 980 ComBase Beef
13 8 6.8 0 0 0.980 ComBase Beef
13 10 6.8 0 0 0.980 ComBase Beef
8 12 6.8 0 0 0. 980 ComBase Beef
9 55 4.0 0 0 0.997 ComBase Beef
9 55 6.0 0 0 0.983 ComBase Beef
15 4 6.0 0 0 0.997 ComBase Pork
15 4 5.9 0 0 0.974 ComBase Pork
35 9 6.1 0 0 0.977 ComBase Pork
35 9 6.0 0 0 0.976 ComBase Pork
35 9 5.9 0 0 0.978 ComBase Pork
35 9 5.9 0 0 0.979 ComBase Pork
11 9 5.5 0 0 0.972 ComBase Pork
15 9 5.5 0 0 0.962 ComBase Pork
7 9 5.7 0 0 0.961 ComBase Pork
9 25 5.5 0 0 0. 950 ComBase Cheese
4 30 5.5 0 0 0. 950 ComBase Cheese
5 13 5.5 0 0 0. 950 ComBase Cheese
4 37 5.5 0 0 0. 950 ComBase Cheese
7 4 5.6 0 0 0.948 ComBase Cheese
6 12 5.6 0 0 0.948 ComBase Cheese
12 1 6.2 0 0 0.990 ComBase Poultry
13 7 6.0 0 0 0.990 ComBase Poultry
14 7 6.0 0 0 0.990 ComDBase Poultry
15 7 6.0 0 0 0.990 ComDBase Poultry

B 1 CombBase & i1z &

Figure 1 Query information of ComBase

Kl 2 B8 T 4 MRV 5000 814 v K B #F oA — 72 B 3
AT 2 RS ARK/AEARKN g m LB, Bt
TRGFH A AR EEE 2 T .

MRV {4 B 7 AT LASEBEANR 3 oA 280 Sfe K 08 fal A= 4 9 2 B2 MRV ¥ XBHEA%KFN
R 58 1 AR By Baranyi $2 49 A F 0000 402E 9 50 Figure 2 Growth predictor of Escherichia coli in MRV
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Figure 3 The growth prediction of MicroHibro
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